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Violence is political. Not only does the monopoly of its legitimate use characterize modern

states, but the distinction between legal and illegal violence itself emanates from politics. The

participatory consequences of experiencing violence have consequently become a prominent strand

of political science research. Scholars have examined how exposure to violence related to civil war

(Blattman, 2009; Gilligan, Pasquale and Samii, 2014), crime (Bateson, 2012; Sønderskov et al.,

2022), policing (Ang and Tebes, 2023; Soss and Weaver, 2017), and repression (Rozenas and

Zhukov, 2019) change the ways in which individuals engage in politics.

The theory and evidence on the participatory consequences of distinct types of violence reveal

two overarching themes. First, that violence can produce disjointed consequences for participa-

tion. Thus, despite taxonomical differences, theoretical mechanisms link distinct types of violence

to sometimes more participation (Blattman, 2009; Bateson, 2012; Gilligan, Pasquale and Samii,

2014) and sometimes less participation (Ley, 2018; Koos and Traunmüller, 2024; Weaver and Ler-

man, 2010). Second, the perpetration of and exposure to different classes of violence are hetero-

geneous: criminals target the vulnerable, police are strategic in their stops, and civil war violence

devastates certain areas while leaving others untouched (Kalyvas et al., 2006; Skogan, 2005).

Yet causal identification-oriented research on violence rarely incorporates these theoretical in-

sights into research designs in a crucial way: the estimands they target. Identification-oriented

research is often constrained by the need to deploy credible designs within specific empirical set-

tings (Imbens and Angrist, 1994; Austin, 2011; Angrist, Imbens and Rubin, 1996; Hahn, Todd and

Van der Klaauw, 2001). The primary question becomes “What causal research design can be cred-

ibly deployed in this context?" rather than “Which estimand best captures the theoretical quantity

of interest?" Different research designs recover different estimands that incorporate heterogene-

ity in exposure and treatment effects differently, fundamentally shaping what we can learn about

violence’s political consequences.

I develop a framework that extends classical principal stratification (Frangakis and Rubin,

2002) to incorporate stratum-specific treatment probabilities. This approach conceptualizes dif-
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ferent strata as subpopulations that respond distinctly to violence (positively, negatively, or not at

all) while allowing for heterogeneous exposure likelihood across these strata.

Within this framework, I show that the average treatment effect (ATE) depends solely on the

relative proportions of the population in treatment-responsive strata. In contrast, the average treat-

ment effect on the treated (ATT) additionally accounts for stratum-specific treatment probabilities.

This distinction is crucial: the ATT incorporates the fundamental heterogeneity in exposure to vio-

lence that the ATE overlooks. These estimands will differ unless treatment probability is constant

across all strata and may even take opposite signs depending on which strata are most likely to

experience violence.

This paper demonstrates that when we disregard heterogeneity in exposure to violence and tar-

get estimands that recover population-wide average effects, we are likely to conclude that violence

spurs political participation. But it also shows that violence is disproportionately experienced by

those who respond by participating less. When we account for who actually gets exposed, we

find that violence likely depresses participation among those most likely to experience it. The im-

plication is stark: given who experiences violence, it has probably reduced rather than increased

political participation.

I leverage this framework to reconsider criminal victimization’s political consequences. While

crime’s harmful effects on democracy are widely acknowledged (Czabański, 2008; Jaitman et al.,

2017), recent research suggests crime breeds active citizenry, increasing civic and political en-

gagement (Bateson, 2012; Sønderskov et al., 2022).1 This interpretation of crime as a participation

catalyst suggests a silver lining: violence might foster engaged societies and more accountable

governments. However, criminological research demonstrates that crime exposure is unevenly dis-

tributed. Wealthier, risk-averse individuals take more preventive measures (Skogan, 1995; Hale,

1996), while more mobile, risk-prone community members face higher victimization risks and re-

ceive less protection (Rader, 2004; Browning, Pinchak and Calder, 2021). Since risk preferences,

1Though some studies find negative effects on turnout (Ley, 2018; Trelles and Carreras, 2012)
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mobility patterns, and sociodemographics relate to both political participation and victimization

risk, the population-wide average effect of victimization likely differs substantially from its effect

on those actually victimized.

I use repeated cross-sectional surveys that measure political participation and personal victim-

ization (LAPOP, 2022), the same (extended) data from which the canonical results on the mobi-

lizing effects of victimization arose (Bateson, 2012). The data allows us to observe the proportion

of respondents who report engaging in non-electoral civic or political participation: those who

attended protests, political meetings, community meetings, community problem-solving activi-

ties and willingness to engage in future electoral participation. Additionally, we can observe the

proportion of respondents who reported having been victimized in the last 12 months and the in-

tersection of these groups. Using these quantities and the principal stratification framework, I con-

duct data-driven analyses to test how targeting estimands that incorporate heterogeneous treatment

probabilities or not affect our conclusions of the effects of violence on participation.

I characterize the sets of ATEs and ATTs consistent with relevant moments in the data. Specif-

ically, I derive the identified set of plausible values that the true ATE and ATT can take, given the

data and the framework, thus binding these estimates (Kline and Tamer, 2023). The identified sets

consistent with the LAPOP data reveal that 85%-63% of parameter combinations yield positive

ATEs for the four measures of non-electoral political participation,2 while 93%-53% yield neg-

ative ATTs for these same measures. For the willingness to vote in future elections, the pattern

reverses: 89% of parameter combinations yield negative ATEs, while 95% yield positive ATTs.

Under a uniform distribution over the identified sets—treating all parameter combinations as

equally likely—these results suggest the average effect of victimization likely spurs non-electoral

political participation in Latin America, consistent with extant research (Bateson, 2012). However,

individuals who participate less as a consequence of being victimized are at greater risk of becom-

ing victims. Consequently, because crime victimization is not equally likely for all citizens, the

2The percentage varies as a function of the outcome of interest.
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overall change in participation due to crime is likely negative in Latin America.

Conversely, I show that in 89% of the parameter sets compatible with the data, the ATE of

victimization on willingness to vote in future elections is negative, while in 95% of the sets, the

ATT is positive. This discrepancy between the current understanding of criminal violence as en-

gendering political participation and the results from these analyses emphasizes the importance of

selecting the correct estimand: Research designs linking crime to more political participation tar-

get the ATT. For example, Sønderskov et al. (2022) finds a positive ATT of participation in voting

but a negative ATE of participation in voting when looking at data from Denmark. Conversely, Ley

(2018) uses survey data and, in an analysis targeting the ATE, estimates a negative effect of crime

on voting. Consequently, these results can help reconcile the seemingly disjoint empirical findings

from recent research on the electoral consequences of crime.

Imposing a uniform prior allows for an intuitive interpretation of the simulations’ results by

treating all parameter combinations as equally plausible. However, this agnostic approach cannot

reveal which combinations actually occur. To move from the theoretically plausible to the empir-

ically grounded, I test whether individuals who respond to crime by participating less are indeed

more exposed to it. Using a quarterly rotating panel survey of Mexican city residents (INEGI,

2024), I find that soon-to-be victims were more exposed to criminal behavior: they were more

mobile, witnessed more criminal and gang activity, and had more violent conflicts. Leveraging

the panel structure, I show that after victimization, individuals become less trusting, more crime-

aware, and less mobile, suggesting demobilization (Lee et al., 2021; Gerell, 2021). These results

confirm that exposure risk and participatory responses to victimization systematically correlate.

To showcase the relevance of these methods for studying violence beyond crime, I reevaluate

results from two papers: Blattman (2009), linking civil war violence exposure in Uganda to in-

creased electoral participation, and Walker (2020), connecting police contact in the US to political

participation. Simulation results again show that if exposure to both police contact and recruitment

of youths into the LRA insurgency in Northern Uganda were random, then the change in partic-
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ipation due to these treatments was positive. Conversely, if exposure was heterogeneous, likely,

non-electoral participation in the Uganda case and participation broadly in the case of police con-

tact in the US were reduced—highlighting how plausible heterogeneity in treatment effects can

substantially alter our understanding of violence’s political consequences.

This paper makes three important contributions. Empirically, the paper challenges conventional

wisdom regarding criminal victimization’s political effects. While the prevailing literature suggests

victimization catalyzes civic engagement (Bateson, 2012; Sønderskov et al., 2022), the analyses

reveal that conditional on who is likely to become a victim, the opposite is true in Latin America.

Though randomly assigned victimization might indeed increase participation, were it to happen,

the empirical distribution of victimization probability among Latin Americans systematically co-

varies with their potential responses to it in ways that fundamentally change aggregate effects. The

critical insight emerges: precisely because individuals predisposed to participate less after vic-

timization likely disproportionately become victims, victimization likely suppresses—rather than

stimulates—non-electoral participation across the region. Such results have grave implications

for accountability and democratic quality in the world’s most violent region. Furthermore, there is

suggestive evidence that results from studies on policing and civil conflict are also worth rethinking

in light of this estimand distinction.

Second, it provides a framework for thinking about the disjoint consequences of violence that

incorporates one of its key features: heterogeneity in exposure. This principal stratification ap-

proach is grounded in the robust empirical finding that violence engenders divergent participatory

responses across populations. By explicitly modeling both response heterogeneity and exposure

heterogeneity, the framework enables a more theoretically coherent mapping between the strategic

logic of violence perpetration and the causal estimands we target. In so doing, it contributes to our

understanding and study of the political economy of violence.

Finally, the paper contributes to the methodological literature on the link between theory and

empirical evidence in causal inference. A growing body of work emphasizes that estimand selec-
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tion determines what we can learn from statistical evidence and how reduced-form causal estimates

should be interpreted for policy and theory (Lundberg, Johnson and Stewart, 2021; Slough, 2023;

Deaton, 2009; Hanson, Kronick and Slough, 2024). Building on Lundberg, Johnson and Stew-

art (2021)’s framework for connecting statistical evidence to theory through precise estimands,

this paper demonstrates when average treatment effects fail to capture real-world causal processes,

provides data-driven tools to diagnose these failures, and shows how ATTs can quantify empirical

outcome changes conditional on equilibrium treatment probability distributions.

1 A Principal Strata Framework

Within a potential outcomes framework, causal estimands of interest can be intuitively defined as

the difference in outcomes for one unit if the unit had and had not been exposed to some treatment,

averaged over the entire population (ATE) or a specific subpopulation —for instance, only those

who were treated (ATT) or only those who were affected by the treatment (LATE) (Rubin, 1978;

Aronow and Samii, 2016). I detail the implications of heterogeneous treatment probabilities within

such a framework.

Consider a population of units indexed by i and a binary treatment Z ∈ {0, 1}, for example

experiencing violence or not. Denote the potential outcome for unit i under treatment assignment

z as the random variable Yi(z). We can classify experimental units into strata (θ) defined by their

potential outcomes, Yi(Z = 1) and Yi(Z = 0) (Holland, 1986; Frangakis and Rubin, 2002). By

definition, the individual treatment effect for each i, ITEi = Yi(1) − Yi(0), will be identical for

all units in the same stratum. Further denote the proportion of experimental units in each stratum

πθ such that
∑
θ

πθ = 1. Unlike the canonical set-up of a principal-strata framework, (Frangakis

and Rubin, 2002), further assume that units have a ρθ probability of receiving treatment. Such

probability might be different between strata. Since, by definition, all treatment effects are constant

in a stratum, we can think of ρθ as the average probability of treatment within the stratum even if

there were within-stratum variation in treatment assignment probabilities.
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Table 1 synthesizes the set-up for the case of a binary outcome Yi(z) ∈ {0, 1}. One such

outcome is political participation. An individual may vote or not, participate in a protest, or petition

their representative. The number of people who vote for a certain candidate decides the election,

signatures in a petition might mean the difference between policy change or not, protest attendance

numbers can make a topic nationally important versus neglected. Thus, as political scientists

we are interested in whether a treatment can forster or depresses participation and how much

participation changes because of said treatment. Further, note that we observe substantial cross-

sectional and intertemporal variation in participation outcomes, making it especially well-suited to

such a framework.

Stratum (θ) Share Pr(Z=1) Y(1) Y(0) ITE

Always Participate πA ρA 1 1 0

Participate if Treated πT ρT 1 0 1

Participate if Untreated πU ρU 0 1 -1

Never Participate πN ρN 0 0 0

Table 1: Table shows stratum-specific individual treatment effects, and stratum-specific probabili-
ties of receiving treatment, ρθ, assuming a binary outcome, Y, binary treatment, Z.

For a binary treatment such as exposure to violence, we can classify individuals into four

strata: those who will always participate regardless of treatment exposure (A), those who will

never participate (N), those who will participate if and only if treated (T), and those who will

participate if and only if untreated (U).

With this set-up, it is easy to see that the ATE3 of the treatment on the participatory outcome

will depend exclusively on the share of the population in each of the two strata affected by treatment

since ATE = E[Y (1) − Y (0)] can be simply written as E[Y (1) − Y (0)] = πT − πU , given the

ITE of zero for all units in strata A and N . Conversely, observe that the ATT, or the average

3I assume the stable unit treatment value assumption (SUTVA) holds throughout.
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expected change in outcomes for those who are treated, will be a function of the stratum-specific

probabilities of receiving treatment for all strata since

E[Y (1)− Y (0)|Z = 1] =
πTρT∑
θ πθρθ

− πUρU∑
θ πθρθ

Where the probability of receiving treatment, marginalized over all strata is

∑
θ

πθρθ = Pr[Z = 1]

Three important things follow from the latter. First, notice that the ATE and the ATT are equal

only when ρT = ρU = Pr[Z = 1].4 since we can rewrite the expression for the ATT as

ATT =
πTρT∑
θ πθρθ

− πUρU∑
θ πθρθ

=
πTρT

P [Z = 1]
− πUρU

P [Z = 1]

(1)

Second, observe that the ATE could be larger or smaller than the ATT. Specifically, the condi-

tion for the ATE > ATT can be stated as

πT − πU >
πTρT − πUρU
Pr[Z = 1]

(πT − πU)Pr[Z = 1] >πTρT − πUρU

(2)

Suppose ρT < Pr[Z = 1] < ρU such that the probability of receiving treatment for people who

would participate more after taking it is less than average, whereas the probability of treatment for

4This also holds in the trivial cases where there are no treatment effects for any unit or if all subjects have equivalent
probability of treatment assignment.
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individuals who would participate less as a consequence of being treated is more than average. In

that case, the ATE will always be greater than the ATT. Conversely, the ATT will always be greater

if ρT > Pr[Z = 1] > ρU .5

Additionally, since πT ≤ 1, πU ≤ 1, and Pr[Z = 1] ≤ 1, equation (1) implies that the

difference between the ATE and the ATT will be amplified the more infrequent the treatment is,

or the smaller Pr[Z = 1] is. Last, observe from (1) that the sign of the ATE is not necessarily

informative of the sign of the ATT. While the sign of the ATE will depend on the relative size of πU

and πT strata and will be positive as long as πT > πU , the sign of the ATT will also depend on the

stratum-specific treatment probabilities, which could potentially offset the sign of the difference,

and will only be positive if πTρT > πTρT .

Third, observe that (1) can be rewritten as

ATT × Pr[Z = 1] =πTρT − πUρU (3)

such that the change in the outcome, Y , can be backed out simply by scaling the ATT by

Pr[Z = 1], since ATT × Pr[Z = 1] = πTρT − πUρU . Similarly, when the between-stratum

probabilities of being treated are equal such that ATT = ATE, the change in the outcome, Y , can

be derived by scaling the average treatment effect by the (then homogeneous) probability of being

treated, Pr[Z = 1].

2 The Political Consequences of Exposure to Crime

The framework from the previous section provides a basis for reassessing the political conse-

quences of violence generally. However, I empirically focus on criminal violence for the main

5The ATE > ATT in two other cases. First, if both strata have a probability of receiving treatment that is less
than average, such that max{ρT , ρU} < Pr[Z = 1] and πT

πU
> Pr[Z=1]−ρU

Pr[Z=1]−ρT
. Second, if both strata have a probability

of receiving treatment that is more than average, such that min{ρT , ρU} > Pr[Z = 1] and πT

πU
< Pr[Z=1]−ρU

Pr[Z=1]−ρT
.
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analyses. Crime victimization is the most common form of violence in many developing world

contexts, and, much like other types of violence, the theoretical understanding of how crime affects

political participation is disjunctive. Competing arguments exist for both participation-spurring

and participation-depressing mechanisms. Berens and Dallendörfer (2019) succinctly capture this

dichotomy of potential consequences as one between “apathy or anger,” wherein anger mobilizes

political action while apathy depresses participation.

For the participation-depressing mechanisms or the expectation of apathy, the literature draws

from established theoretical frameworks in economics and criminology. Crime is costly. It makes

individuals poorer, imposes significant psychological costs, frightens its victims, and teaches vic-

tims about the government’s ability or lack thereof to prevent crime, engendering mistrust in the

state. These mechanisms are thus posited to depress participation (Guedes, Domingos and Car-

doso, 2018; Becker, 1968; Hale, 1996). Empirical evidence has shown support for these mecha-

nisms; crime victims can become disenchanted and more distrustful of the political system (Car-

reras, 2013; Blanco, 2013) and supportive of tough-on-crime policing (Visconti, 2020; García-

Ponce, Young and Zeitzoff, 2023). Further, when crime is a major concern, people are less willing

to assume the added costs of participating in elections (Ley, 2018; Trelles and Carreras, 2012).

Such results indicate that the demobilizing effect of criminal victimization may sometimes acti-

vate.

For the participation-spurring mechanisms or the expectation of anger, researchers borrow

heavily from psychology and civil war studies. Theories suggest criminal victimization may ac-

tivate psychological processes that increase prosociality, empathy, and community engagement in

individuals (Bateson, 2012; Sønderskov et al., 2022). Additionally, victims potentially have instru-

mental reasons to participate after exposure to crime, seeking to punish politicians responsible or

address policy failures that led to rising crime (Ley, 2017; Kronick, 2014). Theoretical mechanisms

also suggest prosocial responses may be amplified when violence is experienced collectively, as

shared victimization can strengthen community bonds and facilitate collective action (Dorff, 2017;
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Ley, 2022).

Empirical evidence in support of these participation-spurring effects has also been uncovered,

and the current consensus, by and large, is that personal victimization fosters civic and political

engagement, on average. In a now canonical article, Bateson (2012) analyzes a cross-section of

survey data from 70 countries in four continents and finds that crime victims everywhere, includ-

ing Latin America, report attending community meetings, protests, town meetings, and political

meetings more often. Further, the author finds that victims are more interested in politics, engage

in political persuasion more often, and are likelier to take action to improve the community. Bate-

son (2012) attributes this increased political and civic engagement to criminal victimization. The

magnitude of the effect is comparable to those of an additional 5-10 years of schooling. The author

also finds that while participating more, crime victims are more likely to reject democracy, favor

authoritarian government, and support tough-on-crime policies. Further supporting these findings,

Ley (2022) demonstrates that community-embedded individuals are more likely to protest against

criminal violence than isolated community members, while Dorff (2017) finds strong kinship net-

works can foster participation after crime. Additionally, Berens and Dallendörfer (2019) find that

victims of non-violent crime participate more, while Sønderskov et al. (2022) find that they vote

more after non-violent crime in a within-person analysis using Danish administrative data.6

Within this framework, we can think of mechanisms linking victimization to increased rates

of political participation, such as posttraumatic growth, a desire for retribution, and instrumental

incentives to effect policy change, as being strongest among the Participate if Treated stratum.

Conversely, we can think of the Participate if Untreated stratum as made up of individuals who

become afraid, disengaged, and disappointed in the political system after experiencing crime. The

understanding of crime as engendering participation, on average, that is currently pervasive in the

6Bateson (2012)’s analysis is limited to non-electoral participation. While other researchers have found that voting
increases for victims (Berens and Dallendörfer, 2019; Sønderskov et al., 2022), the results regarding electoral par-
ticipation after crime are particularly mixed. Some studies have found that high homicide rates are linked to lower
electoral participation at both aggregate and individual levels (Ley, 2018; Trelles and Carreras, 2012).
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discipline maps directly onto the principal-strata framework, with such findings consistent with a

larger share of the Participate if Treated stratum relative to the Participate if Untreated.

2.1 Why Reassess the Evidence?

The research design in Bateson (2012) targets a conditional Average Treatment Effect (CATE).

Though Bateson never explicitly defines her estimand, her regression specifications condition on

age, gender, education, economic status, urban residence, and country fixed effects while invoking

conditional ignorability, the assumption that victimization is independent of potential outcomes

given these covariates. This strategy thus identifies the average causal effect of victimization for

individuals sharing the same covariate profile, averaged across all such profiles in the population.

Formally, this is E[Y (1)−Y (0)|X], where the expectation is taken over the distribution of covari-

ates X . The CATE asks: within groups defined by observable characteristics, what is the average

effect of victimization on political participation? Thus, the CATE is fundamentally an average

treatment effect: it estimates what would happen if victimization were randomly assigned within

covariate strata, not what actually happens given the empirical patterns of who becomes victim-

ized.7 Bateson’s interpretation itself confirms that average effects are the theoretical quantity under

investigation, as she argues that victimization is “plausibly random conditional on individual and

neighborhood characteristics” and makes broad causal claims that “men and women who report

that they were recently the victims of crimes are more active in civic and political life” (Bateson,

2012: p. 578).

However, criminological research demonstrates that exposure to crime is heterogeneous, with

victims differing systematically from non-victims in both their exposure patterns and reactions to

victimization. Risk of victimization covaries in socioeconomic status, risk preferences, and demo-

graphic characteristics (Hale, 1996; Ferraro and LaGrange, 2000; Guedes, Domingos and Cardoso,
7One important clarification is that this paper’s main critique differs from standard methodological concerns about

our ability to infer causality from observational designs. While criticisms of confoundedness focus on biased estimates
of the ATE —analogous to consistently missing the bullseye on a target— this critique addresses a more fundamental
issue. The concern here is not about missing the bullseye of a given target but rather about aiming at entirely different
targets altogether (the ATT versus the ATE).
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2018; Skogan, 1995). Crime occurs when “a motivated offender, a suitable target, and the absence

of capable guardianship" converge (Browning, Pinchak and Calder, 2021). Wealthier, risk-averse

individuals better avoid victimization (Skogan, 1995; Hale, 1996) and often receive preferential

protection from law enforcement (González and Mayka, 2022; Magaloni, Franco-Vivanco and

Melo, 2020). Meanwhile, more mobile, risk-prone individuals embedded in communities face

greater victimization risk with less protection (Rader, 2004; Browning, Pinchak and Calder, 2021;

Boggs, 1965; Guedes, Domingos and Cardoso, 2018).

If high-risk individuals respond differently to victimization, the real-world effects might di-

verge substantially from the estimated ATEs in existing research. The ATT captures how outcomes

actually change in the population by incorporating who receives treatment, similar to how retro-

spective intervention effects account for baseline treatment distributions to assess policy-relevant

counterfactuals (Samii, Paler and Daly, 2016). Given crime’s centrality for millions, especially

in developing regions, reassessing these findings is crucial. The empirical analyses that follow

evaluate this possibility.

2.2 Participation and Crime in Latin America

I focus on Latin America. The democracies of Latin America are some of the most violent in

the world (Vilalta, 2020), making security a central demand from voters. Crime and insecurity

consistently top the list of Latin Americans’ most pressing concerns in surveys (LAPOP, 2022),

with direct crime costs estimated at approximately 3.4% of the region’s GDP (Inter-American

Development Bank, 2024). Consequently, Latin America has been a frequent setting for extant

research on the political consequences of victimization (Bateson, 2012; Visconti, 2020; Ley, 2018;

Blanco, 2013; Marshall, 2022). In such contexts, the participatory implications of victimization

are crucial to understand.

As the primary data source, I employ an extended version of the LAPOP survey, data used

in the canonical paper by Bateson (2012) for the Latin American results. I incorporate data from
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all the surveys conducted in 20 Latin American countries between 2010 and 2019. Altogether,

these include 150K unique respondents from 94 survey waves. Each survey round was designed

to represent the country’s voting-age population that year.8 LAPOP data includes respondents’

self-reported victimization in the past 12 months and several measures of individuals’ civic and

political engagement. For the analyses, I focus on five participation measures of theoretical inter-

est, all binary or binarized: protest participation, political meeting attendance, community meeting

attendance, participation in community problem-solving activities, and willingness to vote in up-

coming national elections if they were held next week.

For these measures, both policymakers and researchers seek to infer crime-induced changes

in overall participation levels. When studying protests in high-violence contexts, Ley (2022)

emphasizes how protest size can pressure governments to implement stronger security policies,

threaten criminals, and reduce violence against participants from both government and criminal

actors. Anecdotal evidence shows that larger protests against crime achieve national attention and

prompt swifter, more forceful political responses (Ferri, 2024). Furthermore, Alvarado and Mug-

gah (2018) conclude that the most effective urban initiatives against crime in Latin America were

those that enhanced community participation, particularly during policy planning stages. More

broadly, higher levels of community engagement have been linked to better policy outcomes and

stronger democratic norms across Latin America, leading to innovations like participatory budget-

ing and community policing (Souza, 2001; Peyton, Sierra-Arévalo and Rand, 2019).

2.3 Empirical Strategy

I use the LAPOP data to demonstrate that victimization risk likely covaries with how individuals

respond to it and to benchmark the difference between the ATE and ATT of victimization on

participation. I focus on the ATT as a quantity of particular importance because the real-world

empirical consequences of crime depend specifically on who actually experiences victimization,

not on hypothetical average effects across the entire population.

8See A1.1.1 in the Appendix for details about the sample.
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With the pooled LAPOP data, I can retrieve the proportion of respondents who report being vic-

tims, Pr[Z = 1] and its converse probability, the proportion of respondents who report engaging

in each of the participatory activities, Pr[Y = 1], and its converse, and the proportion of victim-

ized/unvictimized respondents who report participating Pr[Y = 1|Z = 1], Pr[Y = 1|Z = 0],

respectively. Table 2 reports the observed probabilities in the data for each of the outcomes.9

Leveraging the principal strata framework structure, I fix these proportions and use them to ex-

plore the parameter space for sets of {πθ, ρθ} ∀θ ∈ {A, T, U,N} consistent with the data. Specifi-

cally, I use the following algorithm:

• Make all sets from all possible combinations of πθ ∀θ ∈ {A, T, U,N}, such that each πθ can

take all values from 0 to 1 in increments of .005, and
∑
θ

πθ = 1.

• Since Pr(Y = 1) = πA + πTρT + πU(1− ρU), discard all sets where πA > Pr(Y = 1).

• Since Pr(Y = 0) = πN + πUρU + πT (1− ρT ), discard all sets where πN > Pr(Y = 0).

• Make all possible sets from all combinations between the previous sets and candidates for

ρA spanning from 0 to 1, in increments of .005.

• For each set, so far composed of all four πθ’s and one value of ρA, derive the implied ρT

by plugging in the values of Pr[Y = 1|Z = 1] and Pr[Z = 1] obtained from the data in

Pr[Y = 1|Z = 1] = πAρA+πT ρT
Pr[Z=1]

and solving for ρT .

• Discard all sets where ρT < 0 or ρT > 1.

• For each set, so far composed of all four πθ’s, one ρA, and one ρT , derive the implied ρU

by plugging in the value of Pr[Y = 1|Z = 0] and Pr[Z = 0] obtained from the data in

Pr[Y = 1|Z = 0] = πA(1−ρA)+πU (1−ρU )
Pr[Z=0]

and solving for ρU .

9These proportions are estimated from survey data and therefore contain uncertainty. However, the large sample
size yields very precise estimates, rendering the incorporation of this uncertainty into subsequent simulations negligi-
ble and immaterial to the results. For simplicity and clarity, I omit this uncertainty from the analysis.
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Participation Type N Pr(Z = 1) Pr(Y = 1) Pr(Y = 1|Z = 1) Pr(Y = 1|Z = 0)

Attended Protest 149,728 0.21 (0.001) 0.08 (0.0007) 0.14 (0.002) 0.07 (0.0007)
Community Problem-Solving 94,022 0.19 (0.001) 0.36 (0.001) 0.43 (0.004) 0.34 (0.002)
Attended Community Meeting 149,405 0.21 (0.001) 0.29 (0.001) 0.32 (0.003) 0.28 (0.001)
Attended Political Meeting 137,308 0.20 (0.001) 0.16 (0.0009) 0.18 (0.002) 0.15 (0.001)
Would vote next week 127,256 0.22 (0.001) 0.81 (0.001) 0.85 (0.002) 0.80 (0.001)

Table 2: Table shows the number of respondents who provided a valid answer for each measure of
political participation, N, the unconditional proportion of LAPOP respondents who report being
the victims of crime (for the subset of respondents whose respective participatory response is
non-missing), Pr(Z = 1), the proportion of respondents who report engaging in any of the four
participatory outcomes, Pr(Y = 1), the proportion of victimized respondents who report engaging
in any of the four participatory outcomes, Pr(Y = 1|Z = 1), and the proportion of unvictimized
respondents who report engaging in any of the four participatory outcomes, Pr(Y = 1|Z = 0).
Standard errors in parentheses.

• Discard all sets where ρU < 0 or ρU > 1.

• Derive the implied ρN by plugging in all the values in each set, as well as the value of

Pr[Z = 1], obtained from the data, in Pr[Z = 1] = πAρA + πTρT + πUρU + πNρN and

solving for ρN .

• Discard all sets where ρN < 0 or ρN > 1.

Additional details can be found in the Appendix. For each parameter set, I calculate an ATE and

ATT by plugging in the corresponding values in ATE = πT − πU and ATT = πT ρT∑
θ πθρθ

− πUρU∑
θ πθρθ

.

Thus, I retrieve a set of sets of ATTs, ATEs, ρθ’s, and πθ’s that could have produced the responses

we observe in the LAPOP survey. This output can be thought of as the identified set (Kline and

Tamer, 2023).

With this set of parameters, I can benchmark the expected change in outcome, a function of

the ATT, and the frequency with which victimization happens relative to the shift suggested by the

ATE if victimization were randomly assigned. I allow for the effect of victimization to mobilize or

demobilize participation. That is, I assume πU ≥ 0.10

10However, Figure A4 in the Appendix reports the results when the effect of victimization on participation is as-
sumed to be only increasing.
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3 Results

After repeating the algorithm detailed in the previous section for each of the participatory out-

comes, I obtained 12.1 million, 16 million, 20.6 million, 18.34 million, and 3.63 million feasi-

ble sets of {πθ, ρθ} ∀θ ∈ {A, T, U,N} for the protest attendance, political meeting attendance,

community meeting attendance, community problem-solving outcomes, and willingness to vote

respectively. That is, internally consistent set of values given my framework that are also con-

sistent with the LAPOP data that bound the actual value of the parameter. The difference in the

sizes of the parameter sets depends on how informative the data is; for infrequent outcomes, fewer

parameter sets could be consistent with the data.

For each set, I can then calculate the corresponding ATE and ATT of victimization on each of

the four measures of political participation. Figure 1 plots the results. Each point in the graph cor-

responds to a plausible combination of πθ, ρθ for a given participatory outcome. The red diagonal

line that passes through the origin indicates the points where the ATE and the ATT are equal. For

all the points below, the ATE is larger than the ATT. Conversely, the ATT is larger than the ATE

for all points above that line. The point’s color indicates the difference between the probability of

becoming a victim for individuals who become mobilized due to victimization and the probability

of becoming a victim for individuals who respond by decreasing political participation in the set.

As can be seen, the implied ATE is almost always larger than the corresponding ATT across all

measures of non-electoral political participation. When participating in a protest is the outcome,

the ATE is larger than the ATT in 99% of the parameter sets. When attending political meetings

is the outcome; the same holds for 96% of the parameter sets. When it is attending commu-

nity meetings, the ATE is larger in 83% of the parameter sets. When participating in community

problem-solving activities is the outcome, the percentage equals 64%. Further, we can see that the

points above the red diagonal line correspond to the largest differences between ρT − ρU . For the

ATT to be larger than the ATE, selection into victimization has to be strongly correlated with the
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treatment, making individuals more participative.

While the majority of the ATEs compatible with the data are positive for all four measures of

non-electoral participation (85% for protest attendance, 79% for political meeting attendance, 67%

for community meeting attendance, and 63% for community problem solving), the converse is true

for the ATTs across measures. Specifically, only 9% of the ATTs are positive for protest attendance,

only 13% for political meeting attendance, 29% for community meeting attendance, and 46% of the

cases for community problem-solving. Even for the most frequently reported outcome, community

meeting attendance, in most cases, the ATTs compatible with the data are negative. As reported

in Table 2, the larger share of positive and ATTs reflect the larger conditional probabilities of

participating in these activities given victimization implied in the respondents’ answers.

The results from willingness to vote if elections were held the following week, show that elec-

toral participation, to the degree that this is a construct-valid question, shows a markedly different

pattern than non-electoral forms of engagement. While the ATE exceeds the ATT across most non-

electoral participation measures, this relationship reverses for voting intention. Here, the ATE is

greater than the ATT in just 1% of parameter sets. More strikingly, in 89% of parameter sets com-

patible with the data, the ATE of victimization on willingness to vote is negative, while in 95% of

the sets, the ATT is positive. The selection parameters show somewhat attenuated differences - for

the ATE to exceed the ATT, ρU must be larger than ρU , yet the visualization reveals predominantly

yellow dots, indicating less extreme differences between these parameters.

These findings align with extant empirical evidence. While work targeting the ATE of crime on

voting often uncovers negative effects (Ley, 2018), Sønderskov et al. (2022) finds a positive ATT

of participation in voting but a negative ATE of participation in voting when looking at data from

Denmark. Consequently, these results can help discipline the seemingly disjoint empirical results

from recent research on the electoral consequences of crime.

Recall that the ATE of victimization will depend only on the relative size of each stratum

affected by the treatment, πU and πT . Conversely, the ATT is a function of the stratum-specific
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Figure 1: Figure shows the combination of potential ATTs and ATEs of victimization on four mea-
sures of political participation, conditioning on observed participation, and criminal victimization
(LAPOP, 2022).
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probabilities of victimization. The divergence/similarity between ρU and ρT will result in a smaller

or larger discrepancy between the ATT and the ATE. The left panel of Figure 2 exemplifies this.

It plots the cumulative proportion with which each difference in magnitudes between πT − πU

appears in the candidate sets, while the right panel plots the equivalent quantity for the difference

between ρT − ρU for each of the parameters sets compatible with the data.

As can be seen, the proportion of sets for which πT − πU ≤ 0 is equivalent to the proportion

of sets for which the ATE ≤ 0 exactly because the ATE depends exclusively on these two shares.

Further, observe that the difference between these shares is almost always positive for non-electoral

participation, as expected, given the more frequent positive ATEs compatible with the data. For

protest attendance, the median difference between the two proportions is 16.5 pp; for community

problem solving, it is 9.7 pp; for political meeting attendance, it is 12 pp; and for community

meeting attendance, it is 10.5 pp. In contrast, for willingness to vote the median difference is

negative; 27 pp.

Attended Community Meetings Attended Political Meetings Attended Protest Community Problem−Solving Would Vote
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Figure 2: Figure shows the cumulative proportion of sets for which the difference between πT −πU

(left panel) and ρT−ρU (right panel) is equal to the y-axis, given the observed rates of victimization
and participation in the LAPOP survey.
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Conversely, the right panel shows that despite being fewer in the population, the risk of victim-

ization for individuals who become demobilized in non-electoral participation from crime is likely

larger. The proportion of sets for which ρT − ρU ≤ 0 is close, but not the same, as the propor-

tion of sets for which ATT ≤ 0 since the corresponding π scales the ATT. However, notice that

the difference in these two probabilities is almost always negative for non-electoral participation.

For protest attendance, the median difference is -63.7 pp; for community problem solving, it is -4

pp; for political meeting attendance, it is -40.7 pp; and for community meeting attendance, it is

-16.1 pp. In contrast, the difference is positive for willingness to vote in a hypothetical upcoming

election; 52 pp.

The results suggest that if victimization were random, it would likely increase non-electoral

participation. These findings align with Bateson (2012) and the field’s prevailing understanding

based on research designs that seek to equalize treatment probabilities between treatment and con-

trol.11 The magnitude of this participation boost, or how participation would change empirically,

would depend on the overall risk of becoming a victim. However, the results also reveal that indi-

viduals who would participate less after experiencing crime are disproportionately likely to become

victims. The identified sets suggest that crime reduces all four types of non-electoral political par-

ticipation in the region. This presents a striking contrast with (intended) electoral behavior: while

crime, were it random, would reduce (intended) voting, given the actual patterns of victimization,

it likely increases willingness to engage in voting.

What are the magnitudes of the changes in participation? Recall from expression (3) that

the change in the outcome from treatment with stratum-specific probabilities of occurring can be

backed out simply by scaling the ATT by the unconditional probability of receiving treatment.

Table 3 synthesizes all the results. Participation in protests could decrease by as much as 18 pp,

engagement in community problem-solving could decrease by 11 pp, political meeting attendance

11Results in Bateson (2012) are based on one wave of the LAPOP data. Section A1.3 in the Appendix replicates the
results from Bateson (2012) with repeated cross-sections of the LAPOP data, as well as within-country analyses.
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ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Attended Protest 0.19 -0.23 0.76 0.15 -0.84 0.12 0.91 -0.18 0.02
Community Problem-Solving 0.19 -0.38 0.61 0.37 -0.57 0.42 0.53 -0.11 0.08
Attended Political Meetings 0.20 -0.28 0.70 0.21 -0.82 0.16 0.87 -0.17 0.03
Attended Community Meetings 0.21 -0.36 0.63 0.32 -0.68 0.30 0.71 -0.14 0.06
Would vote next week 0.22 -0.65 0.33 0.89 -0.13 0.84 0.05 -0.03 0.18

Table 3: Results from all plausible parameter sets compatible with the LAPOP data, without con-
straining the values of ρU or ρT . ∆Y = ATT ×Pr(Z = 1) represents the average treatment effect
in the population. By definition, Pr(∆Y ) < 0 is the same as Pr(ATT < 0).

could decrease by 17 pp, while community meeting attendance could decrease by as much as

14 pp. Willingness to vote next week, however, at worst could decrease by 3 pp. Conversely,

conditional on the data, protest attendance could at best increase only by 2 pp; community problem

solving by 8 pp; political meeting attendance by 3 pp; and community meeting attendance by 6 pp.

Hypothetical williness to vote could increase by at most 18 pp. The upper bound effects within the

identified set of non-electoral participation estimands are of a comparable magnitude to, and often

smaller than, the ATEs identified in Bateson (2012).

One potential concern is that the identified sets from these simulations reflect peculiarities

that are only generalizable to the LAPOP data instead of crime and participation in the region

more broadly. For example, we might be worried that LAPOP over-represents urban areas, under-

represents dangerous areas, or generally results in survey responses that do not generalize. To

address such concerns, I analyze data from Dorff (2017), which conducted a nationally represen-

tative survey of 1,000 Mexican respondents that included questions about victimization and both

electoral and non-electoral participation. I apply the same partial identification procedure from the

main paper to this alternative dataset. I present the results in Table A6 in the Appendix. I find

strikingly similar results that point in the same direction: the identified sets suggest that while the

ATE is likely positive, the ATT is almost certainly smaller and likely negative.

Before proceeding, an important clarification is needed. How can this framework accommodate

crime-spurring voting while depressing non-electoral participation? Should all results not point
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in the same direction? The short answer is “no.” First, there is nothing in the framework that

requires people to be in the same strata when it comes to different outcomes. A person might

vote less but participate more in community outreach after victimization, or vice versa. Further,

an individual might participate less in protests while their voting behavior remains unaffected.

Second, notice the relative differences in base rates: many more people vote than participate in

protests, and criminal victimization is relatively rare. Most people who vote are logically not doing

so because they were victimized since victimization is not as common as voting. Thus, within this

framework, we can think of most people voting as being either in the “always participate" or the

“participate if not victimized" strata. This would be consistent with what we know about the

“stickiness" of voting (Coppock and Green, 2016) and the behavioral implications of electoral

institutions such as mandatory voting that constrain fluctuations in voting. However, these same

individuals can simultaneously belong to different strata when considering the effect of crime on

various forms of non-electoral participation. So, a person might vote regardless, but potentially,

they could participate only if treated. In summary, we need not be looking at the same people in

the same strata when comparing across outcomes.

4 Panel Evidence from Mexico

The previous section’s results give us a distribution of the frequency, magnitude, and direction of

plausible causal effects compatible with the LAPOP data. It shows that individuals who would

be demobilized from crime are more likely to be exposed to it to begin with. Consequently, the

compatible ATTs of victimization on non-electoral participation are smaller than the ATEs and

overall negative. The results also support findings from canonical work showing a positive ATE of

victimization on crime since the “participate only if treated” stratum generally makes up a larger

share of the population in the simulations than the “participate only if untreated” stratum while

being less at risk of crime. Suggestive evidence however points to different effects of crime on

electoral participation, often likely spurring it conditional on who is victimized. In this section, I
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analyze a panel survey to provide evidence of who becomes a victim in a real-world setting and

how victims react to victimization, moving from the plausible to the empirical.

I use a quarterly rotating panel survey of Mexican city residents that asks questions related to

crime and insecurity, the National Survey of Urban Public Safety, ENSU, for its name in Spanish

(INEGI, 2024). This survey has been conducted four times per year since 201312 and, starting in

2017, has included direct questions regarding personal victimization. This rolling survey panel al-

lows me to observe individuals at five different points over 15 months. In each quarter, respondents

are asked about experiences with the state, crime, and conflict, and in at least two waves per year,

they are asked about direct victimization. During each survey wave, around 20% of respondents

are first-time respondents. I keep all of the survey waves from 2017, when crime victimization

was first incorporated, until the last quarter of 2023, resulting in 560k responses from 174K unique

respondents collected over 27 quarters.

Unlike the LAPOP data, the panel nature of the data allows for comparisons of attitudes and

behavior related to crime exposure and reactions to crime, both between and within individuals. I

compare the attitudes and behavior of non-victims with victims before their first reported instance

of victimization, as well as conduct a within-individual analysis to estimate how people’s attitudes

and behavior change due to victimization after parsing out all time-invariant individual effects.

Like the LAPOP data, ENSU is a survey, and survey responses are subject to misreporting. The

issue might be especially important when it comes to criminal victimization. “Crime” and “crime

victim” are legal and social categories. Individuals might interpret events as criminal or non-

criminal differently (Skogan, 1982; Elias, 1986). Importantly, such sensitivity could correlate with

demographic characteristics, political attitudes, and behavior (Skogan, 1982; Boulding, Mullenax

and Schauer, 2022). Heterogeneous reporting is difficult to test because it requires the researcher to

observe the “ground truth” or the behavior before respondents classify it as criminal or not criminal.

However, I conduct two descriptive analyses, reported in Appendix C. Reassuringly, these show

12Except the second quarter of 2020 due to the COVID emergency.
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self-reported victimization is indeed increasing with criminal victimization, as we would expect if

survey responses of victimization mapped onto its actual occurrence.

Using the ENSU data, I first focus on heterogeneous exposure to victimization. To assess, I

identify questions related to mobility, exposure to crime, fear of crime, and conflicts. I use self-

reported measures of exposure to conflicts, instances of observing criminal or violent behavior,

feelings of unsafety, and mobility patterns. Exposure to conflict and witnessing criminal behavior

directly map onto the risk of victimization. Further, since the spatial distribution of crime is not

constant in a city, researchers have shown that mobility patterns are important in increasing and

decreasing individuals’ exposure to crime, and individuals who move a lot within a city tend to be

more exposed (Rader, 2004; Browning, Pinchak and Calder, 2021; Boggs, 1965). Fear of crime

has also been a central correlate of the risk of victimization explored in criminological research.

Findings show that vulnerability to criminal victimization increases people’s fear of crime (Rader,

2004). Similarly, fear of crime has been posited to increase, the lesser capacity to avoid crime

individuals possess (Guedes, Domingos and Cardoso, 2018).

Second, I focus on how higher exposure to crime covaries in attitudinal and behavioral pro-

files suggestive of differential rates of civic and political engagement before victimization. While

ENSU does not directly inquire about political participation, it does report behavioral and attitudi-

nal measures that recent research has linked to different participation rates. Political participation

and civic engagement require people to interact with neighbors and authorities, familiarize them-

selves with community problems, and engage with strangers more often. Specifically, I again

focus on mobility, fear, and exposure to crime and conflict. Research shows that extroverted (Ger-

ber et al., 2011), well-networked, community-oriented (Ley, 2022; Skogan, 1986), and risk-prone

(Kam, 2012) individuals more often participate in electoral and non-electoral politics. I leverage

the mobility measures and self-reported instances of witnessing diverse criminal phenomena in

their daily lives as measures of extraversion, community engagement, and risk acceptance.

Last, I concentrate on how victimization changes attitudes and behaviors. To do so, I exploit
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the within-individual intertemporal variation in the data to target the ATT. I use two estimators to

do so: a simple two-way fixed effect estimator and the fixed-effect counterfactual estimator with

equal unit weights proposed by Liu, Wang and Xu (2022). I focus on measures individuals take

to prevent crime, self-reported fear of crime, trust in law enforcement institutions, and mobility.

I reemphasize that extraversion, mobility, and risk-proneness are systematically related to more

political participation and community engagement (Gerber et al., 2011; Kam, 2012; Ley, 2022).

At the same time, victimization has been shown to increase people’s fear of crime (Rader, 2004)

and risk aversion (Moya, 2018), in turn resulting in less political and civic engagement (Skogan,

1986; Ley, 2018).

4.1 Exposure to Crime

First, I subset the data and retain only respondents who never reported criminal victimization and

respondents who reported criminal victimization in some, but not all, survey waves. For the latter, I

retain responses only before their first reported instance of victimization. Consequently, I compare

the responses of this group of future victims before they reported victimization with those of their

never-victimized neighbors — either from the same sampling unit or the same locality — in the

same quarter.

I estimate

PMi[q,g] =β1 ∗ FutureV ictimi[q,g] + θq×g + ϵi[q,g] (4)

where PMi[q,g] is respondent i′s self-reported behavior, experiences, or attitude in year-quarter

q, and neighborhood/census tract or locality g, or a binary measure that takes the value of 1 if

respondent i reports that type of behavior or experience and 0 otherwise. FutureV ictimi[q,g] is a

binary variable that takes the value of 1 when respondent i will report having been a victim of crime

in a future survey and 0 otherwise. θq×g represent either Neighborhood × Quarter fixed effects,

or Locality×Quarter fixed effects. ϵi[q,g] are robust errors clustered at the primary sampling unit.

Figure 3 shows results. When we compare future victims with never-victims living in the
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same locality in that same quarter (dark blue) or the same small neighborhood (light blue), we

see that future victims report having more conflicts, including conflicts that resulted in physical

violence, conflicts with authorities, conflicts with the police, and conflicts with strangers on the

street, before being victimized. Future victims also witnessed gangs, robberies, and vandalism

and heard gunshots more frequently. They also report feeling unsafe in the city, streets, public

transport, and even their house. Last, they report moving more around their city; they leave home

more frequently.

Witnessed: Vandalism

Witnessed: Shots fired

Witnessed: Robberies

Witnessed: Gangs

Witnessed: Drug being used or sold

Unsafe: Work

Unsafe: Public transport

Unsafe: House

Unsafe: Frequented streets

Unsafe: City

Mobility: Leaves home everyday

Mobility: Frequency of leaving home

Conflicts: With strangers on the street

Conflicts: With police

Conflicts: With neighbors

Conflicts: With family members

Conflicts: With authorities

Conflicts: With alcohol users, drug users, or gangs

Conflicts: Resulted in shoving, punching, or kicking

Conflicts: Had any?

0.00 0.05 0.10

Loc X Quarter FEs Neighborhood X Quarter FEs

Figure 3: Figure shows the cross-sectional difference between soon-to-be victims and non-victims
living in the same locality (dark blue) and the same neighborhood/census tract (light blue) on self-
reported outcomes relating to exposure to crime. Robust errors clustered at the primary sampling
unit.

Increased mobility exposes individuals more frequently to crime (Rader, 2004; Browning, Pin-
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chak and Calder, 2021; Boggs, 1965), while increased fear of crime correlates with more (subjec-

tive) vulnerability to criminal victimization and less perceived capacity to avoid becoming a victim

(Rader, 2004; Guedes, Domingos and Cardoso, 2018). Similarly, fear of crime has been posited to

increase. Last, explicit differences in exposure to criminal and violent behavior should correspond

directly to an increased probability of becoming a victim. Overall, the results link future victim-

ization with increased exposure to crime and show victims and non-victims were differentially

exposed to crime even before becoming victims.

Additionally, these findings point to a majority of victims who can be thought of as coming

from the “participate only if untreated” stratum. Because before victimization, future victims were

more mobile, witnessed more disruptive behavior in their community, and had more conflicts with

strangers, neighbors, and law enforcement agents, this subset of respondents was likely more extro-

verted, risk-accepting, and embedded in their community. Such attitudinal and behavioral profiles

are consistent with those research has linked to higher rates of political participation, relative to

their never victimized neighbors (Gerber et al., 2011; Ley, 2022; Kam, 2012).

4.2 Reactions to Crime

Additionally, I exploit the within-individual intertemporal variation in the data to target the ATT

and provide evidence of how victimized individuals react to victimization.

PMi[q] =β1 ∗ V ictimi[q] + θi + γq + ϵi[q] (5)

where PMi[q] is either a continuous measure of respondent i′s self-reported behavior, experi-

ences, or attitude in year-quarter q, and neighborhood or locality g, or a binary measure that takes

the value of 1 if respondent i reports that type of behavior, experience or attitude and 0 otherwise.

V ictimi[q] is an indicator variable that takes the value of 1 when respondent i reports having been

victimized in the past six months in quarter q and 0 otherwise. Because victimization is asked

every six months, while response variables are asked every three months, each respondent’s vic-
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timization report is extended to cover the prior period. θi are individual fixed effects while γq are

period fixed effects. ϵi[q] are robust errors clustered at the primary sampling unit. I use a TWFE

estimator of the ATT as well as the counterfactual estimator with equal weights proposed by Liu,

Wang and Xu (2022).

Figure 4 shows the results. It plots the ATT of victimization on several behavioral and attitu-

dinal outcomes, per specification (5). It shows that victimization changed attitudes and behaviors

in a way that is consistent with individuals becoming demobilized after becoming victims. The

results are consistent regardless of the preferred estimator.

Unsafe: Work

Unsafe: Public transport

Unsafe: House

Unsafe: Frequented streets

Unsafe: City

Trust: State Police

Trust: Army

Mobility: Leaves home everyday

Mobility: Frequency of leaving home

For fear of crime: Stopped wearing valuables

For fear of crime: Stopped visiting friends or family

For fear of crime: Stopped going out at night

−0.08 −0.04 0.00 0.04 0.08

FEct TWFE

Figure 4: Figure shows the ATT of victimization on self-reported behavioral and attitudinal mea-
sures when estimated with the fixed-effect counterfactual estimator from Liu, Wang and Xu (2022)
(dark blue) and a two-way fixed effect estimator (in light blue) Robust errors clustered at the pri-
mary sampling unit.
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Compared to their behavior before becoming victims of crime, respondents report taking more

steps to prevent crime, including leaving home less frequently and visiting friends and family less

often. Along the same line, they report being less mobile after victimization and are less likely

to say they leave home every day. These two findings suggest victims become —generally— less

extroverted. Further, victims report trusting law enforcement authorities less, being more afraid

of crime, and taking more steps to prevent victimization. These latter results suggest a reduction

in people’s risk acceptance and the adoption of more constrained behavior, consistent with less

political and civic engagement. The participatory consequences of such behavior change should

unambiguously lead to less participation generally, including participating in political protests and

community organizing specifically (Gerber et al., 2011; Kam, 2012; Ley, 2022; Skogan, 1986;

Ley, 2018). These findings further indicated that victims could be conceptually thought to come

mostly from the “participate only if untreated" stratum.

Overall, the findings from the Mexico survey show that the risk of victimization is heteroge-

neous and higher for individuals who become demobilized after becoming victims. Consequently,

we should empirically expect to recover ATEs larger than the theoretical ATT of victimization on

political participation measures, especially participation measures that are less inelastic due to the

institutional environment like non-electoral participation. This insight is consistent with the results

from the prior LAPOP analysis.

Together, the results from the LAPOP and the ENSU analyses question the conventional wis-

dom about criminal victimization functioning as a catalyst for participation in the developing world

(Bateson, 2012). Because such conclusions are based on research designs that implicitly or ex-

plicitly target the ATE, they speak only to the counterfactual question, “How would participation

change due to criminal victimization if victimization were random?” While “no one chooses to

become a victim of crime,” as Bateson (2012) points out, results from this paper show that certain

individuals will be systematically more exposed to crime than others in ways that covary with how

they respond politically to becoming victims. Because Latin American citizens who participate
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less after victimization more frequently become victims, victimization is a force that dampens, not

fosters, active citizenry in the region.13

5 The Participatory Consequences of Other Forms of Violence

The results from the previous section show that our understanding of the political consequences of

crime critically depends on our estimand of choice. When we target the ATT, results upend our

understanding of crime as a participation-spurring treatment, given the heterogeneity in exposure

and reactions to it. In the following sections, I leverage this framework and empirical strategy

to exemplify how this insight is not limited to crime victimization but extends to other forms of

violence that have been studied in political science.

5.1 Civil War Violence

Studies of civil war violence have generally found that exposure to civil war violence, whether

direct or indirect, makes victims more likely to participate in politics later on by engendering in

them psychological processes, such as post-traumatic growth and increased prosociality (Bellows

and Miguel, 2009; Blattman, 2009; Voors et al., 2012).

One such paper is Blattman (2009). In it, the author examines how the forced recruitment of

youths into the LRA insurgency in Northern Uganda shapes this group’s downstream participatory

decisions. To do so, the author leverages theorized quasi-random variation in abduction and survey

data to estimate the ATE of abduction on political outcomes. Results indicate that abduction led to

significantly increased political participation, specifically a 27% increase in the likelihood of vot-

ing, as well as a doubled likelihood of later becoming a community leader. The author attributes the

findings to post-traumatic growth experienced by former abductees. I reassess the results through

my principal strata framework. I repeat the process detailed in the previous sections and derive the

13This results suggest that ρU ≥ ρT in Mexico. In section A2.2 in the Appendix, I further constrain the identified set
to only those where that inequality holds — generally in Latin America and specifically in Mexico. I find that the main
findings for non-electoral participation become more accentuated, while the identified set for electoral participation
now resembles that of non-electoral participation more closely.
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identified set of ATTs, ATEs, and ρs consistent with data from Blattman (2009). In Section A4.1

in the Appendix, I report results.

For future electoral participation, 77% of the parameters in the identified set of ATEs consistent

with the data from Uganda are positive. Interestingly, unlike the results for the LAPOP analysis,

we have a very similar proportion of positive ATTs in the identified set—75%. However, the results

regarding non-electoral participation are mixed. Only in 35% of the sets does such experience lead

to higher odds of becoming a community organizer if abduction were random (ATE) despite the

paper’s point estimate of estimand being positive and significant. Conversely, the identified ATTs

in the plausible sets of all non-electoral participation suggest that abduction is linked to less civic

engagement if certain individuals were heterogeneously exposed to it. Between 93%-96% of the

identified sets include a negative ATT. If this sort of civil war violence were random, voting and

certain non-electoral participation actions would likely increase, but if it were heterogeneously

experienced, then abduction likely depressed civic engagement in Uganda by a substantial margin.

Whether abduction was, in fact, random is an assumption that requires theoretical justification.

These analyses help to clarify the epistemological implications of departures from this assumption.

If abduction were indeed random, as the author argues, then the ATE would equal the ATT, and the

two estimands would be the same. In that case, the ATE would be both theoretically relevant and

empirically important precisely because it would capture the same quantity as the ATT. Research

designs targeting either estimand would then be equally suitable for measuring actual changes in

participatory outcomes. The fact that these causal parameters converge under random assignment

highlights how the mechanism of treatment assignment fundamentally determines which estimand

best captures the substantive question we are trying to answer.

5.2 Contact with the Police

That police engage in statistical discrimination while performing their duties is a well-established

empirical regularity (Ba et al., 2021; Mummolo, 2017; Owens and Ba, 2021). The literature on
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the political consequences of police contact presents mixed empirical results and competing the-

oretical frameworks. Some researchers find that contact with police teaches individuals that they

are worthless and meaningless—what Weaver and Lerman (2010); Soss and Weaver (2017) term

the "interpretative effects" of police contact. Conversely, others find that police contact, whether

direct or indirect, can stimulate electoral participation (Walker, 2014, 2020).

Walker (2020) represents the latter perspective. Using two different datasets, Walker (2020)

finds that direct and indirect contact with the police is associated with higher rates of both electoral

and non-electoral participation. Throughout her analysis, Walker (2020) targets the ATE as the

primary causal estimand. To reassess these findings through the heterogeneous treatment probabil-

ity framework, I employ one of the same data sources—-the National Crime and Politics Survey

(NCPS), a nationally representative U.S. survey conducted in the fall of 2013.

I examine the parameter sets compatible with the NCPS data, focusing exclusively on direct

police contact to maintain consistency with my other analyses. For dependent variables, I use

all available measures of electoral and non-electoral political participation from the preceding 12

months. The results, reported in Table A10, reveal a pattern that complicates Walker’s original

findings. Similar to my simulations using LAPOP data, the NCPS analysis reveals that while

most parameter sets show positive ATEs for non-electoral participation, the ATTs for these same

activities are predominantly negative. For voting, however, this pattern again reverses: 89% of

parameter sets yield negative ATEs, while only 7% show negative ATTs. These results suggest

that police contact is more likely to occur among individuals who respond by increasing their

electoral participation while decreasing their non-electoral political engagement.

Our theoretical understanding of police contact inherently acknowledges statistical discrimina-

tion: certain communities and individuals are disproportionately targeted. Given this understand-

ing, the ATT likely offers a more relevant parameter for interpreting these results than the ATE.

The simulation results are consistent with a scenario where interactions with police ultimately de-

press political participation among those most likely to experience such contact despite the positive
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ATEs reported in previous research.

6 Discussion

This paper upends our understanding of criminal violence as a force engendering civic and politi-

cal engagement. In so doing, it emphasizes the fundamental importance of the choice of estimand

when doing causal quantitative research. While theory has long recognized that violence mobilizes

some individuals while demobilizing others, this duality rarely influences which causal estimand

researchers target in empirical work. To address this gap and formalize the knowledge we have

of violence’s nature, I proposed a principal strata framework with heterogeneous treatment proba-

bilities that provides a more nuanced foundation for estimand selection. Using this framework, I

revisited seminal research on the political consequences of criminal victimization to demonstrate

how heterogeneous treatment probabilities reshape our understanding of the participatory effects

of crime in Latin America.

While canonical research suggests victimization produces a more active citizenry through in-

creased non-electoral participation, my analyses reveal a more complex reality. I demonstrate that

this conclusion holds only if the crime is randomly assigned —that is, if the ATT and ATE are

equivalent. However, ancillary results from Mexico strongly suggest this is not the case. This

finding changes our understanding of crime’s political implications, which are a central concern

for citizens in the world’s most violent region. Similar patterns emerge when reconsidering results

from seminal research on civil war violence and unwanted police contact. When shifting our focus

from the ATE to the ATT, our substantive interpretation not only changes but even occasionally

reverses; the silver lining of violence as spurring political participation disappears, and violence

becomes a force that instead produces less civic and political engagement empirically.
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7 Conclusion

How does violence or its threat shape our politics? Unevenly. This is the nature of violence —it

is experienced and perpetrated differentially. People react distinctly to it; some become enraged,

others alienated. Where one finds in it a reason to march, another retreats. In this paper, I have

argued that to understand how participation has changed on the ground as a consequence of vio-

lence, we need to think of who experiences violence in the first place and how these people are

likely to react.

What determines an individual’s risk of experiencing violence and their reaction to it? The

answer is the entire surrounding political structure. This structure shapes both the stratum-specific

probabilities of treatment and constrains how people are able to respond to victimization. Be-

cause populations exposed to violence vary across contexts, findings from criminal violence in

Latin America should not be presumed applicable elsewhere. This underscores the necessity for

strong, explicit theoretical arguments justifying claims about the generalizability of violence’s ef-

fects across different populations and political environments.
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Appendix A Survey Data

A1.1 Samples

This section describes the temporal and geographic coverage of the different LAPOP survey waves and the
ENSU survey waves used in the analyses.

A1.1.1 LAPOP

Table A1 shows all the included LAPOP country rounds, the year each round was conducted, and the
number of respondents per year. The data was culled so that only respondents who were 19 years or older
when responding to the survey were included. This ensures that all survey respondents are entitled to engage
in all political participation activities in the prior year by law.

Year Countries surveyed N

2010 Argentina, Belize, Bolivia, Brazil, Chile, Colombia, Costa Rica, Dominican Republic, Ecuador, El Salvador, Guatemala, Honduras,
Jamaica, Mexico, Nicaragua, Panama, Paraguay, Peru, Uruguay, Venezuela

33,022

2011 Colombia 1,444
2012 Argentina, Belize, Bolivia, Brazil, Chile, Colombia, Costa Rica, Dominican Republic, Ecuador, El Salvador, Guatemala, Honduras,

Jamaica, Mexico, Nicaragua, Panama, Paraguay, Peru, Uruguay, Venezuela
31,061

2014 Argentina, Belize, Bolivia, Brazil, Chile, Colombia, Costa Rica, Dominican Republic, Ecuador, El Salvador, Guatemala, Honduras,
Jamaica, Mexico, Nicaragua, Panama, Paraguay, Peru, Uruguay, Venezuela

31,186

2016 Colombia, Costa Rica, Dominican Republic, Ecuador, El Salvador, Honduras, Mexico, Nicaragua, Paraguay 13,233
2017 Argentina, Bolivia, Brazil, Chile, Guatemala, Jamaica, Panama, Peru, Uruguay 14,386
2018 Colombia, Costa Rica, El Salvador, Honduras, Panama 7,406
2019 Argentina, Bolivia, Brazil, Chile, Dominican Republic, Ecuador, Guatemala, Jamaica, Mexico, Nicaragua, Paraguay, Peru, Uruguay 19,073

Table A1: Table lists all the country-year LAPOP surveys included in the pooled data. All country surveys
between 2010 and 2019 were included.

A1.1.2 ENSU

Table A2 shows the number of respondents per ENSU survey wave, as well as whether criminal victimization
was asked during that specific period. During the COVID pandemic in 2020, INEGI canceled the third wave
of the ENSU but collected data on criminal victimization for that period during the next survey round.
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Year Quarter N Victimization

2017 1 14,497 No
2017 2 15,272 Yes
2017 3 15,303 No
2017 4 15,072 Yes
2018 1 15,172 No
2018 2 17,548 Yes
2018 3 20,163 No
2018 4 18,017 No
2019 1 18,113 No
2019 2 19,010 Yes
2019 3 22,392 No
2019 4 22,158 Yes
2020 1 22,416 No
2020 3 22,122 Yes
2020 4 22,283 Yes
2021 1 22,307 No
2021 2 22,411 Yes
2021 3 23,356 No
2021 4 23,428 Yes
2022 1 23,577 No
2022 2 22,411 Yes
2022 3 24,435 No
2022 4 24,402 Yes
2023 1 23,778 No
2023 2 24,435 Yes
2023 3 24,493 No
2023 4 24,064 Yes

Table A2: Table shows the number of survey respondents per survey wave included in the ENSU data used
in the analyses and whether criminal victimization was asked during each survey round.

A1.2 Measurement

A1.2.1 LAPOP

Table A3 reports the survey questions and measures employed in the paper for the LAPOP analyses.
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Construct LAPOP Survey Question Scale

Community problem-
solving

In the past 12 months, have you contributed to solving a com-
munity or neighborhood problem? How frequently?

1–4

Attended political meetings In the past 12 months, have you attended a political party or
political movement meeting? How frequently?

1–4

Attended community im-
provement meetings

In the past 12 months, have you attended community improve-
ment meetings? How frequently?

1–4

Attended protest In the past 12 months, have you attended a public protest? Yes/No

Crime victimization Have you been a victim of any type of crime in the past 12
months? That is, have you been a victim of robbery, burglary,
assault, fraud, blackmail, extortion, violent threats, or any other
type of crime in the past 12 months?

Yes/No

Would vote next week If the next presidential elections were being held this week,
what would you do?

4 response op-
tions

Table A3: LAPOP survey questions used to measure political participation and criminal victimization. The
table shows English translations and response scales for each question. For analysis, all continuous partici-
pation measures were dichotomized, with 1 indicating any activity during the previous year and 0 indicating
no engagement in the activity.
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Figure A1: Figure shows the proportion of respondents who report being a crime victim in the past 12
months by survey round and country.

Last, Figure A1 shows the country-specific and pooled proportion of respondents who reported being victims
of crime in each survey wave. As can be seen, the regional average fluctuates slightly between .19 and .26
for the entire period, with significant within-country variation.

A1.2.2 Variable Construction

All simulation results are run with binarized versions of the treatment variables. To recode, binarized vari-
ables for political meeting attendance and community meeting attendance take the value of 1 if respondent
said they attended the meeting at least once in the previous year, 0 otherwise. For “would vote next week”
the variable takes the value of 1 when respondents reported thew would cast a ballot for any candidate, and
0 when they report they would not vote.
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A1.2.3 ENSU

Construct ENSU question Scale
Crime victimization In the last six months, have you or a member of your household experienced any of the following: vehicle theft, vehicle

accessory theft, any other kind of theft, burglary, robbery, threats, or extortion?
Yes/No

Unsafe: City When thinking about crime, do you believe living in (CITY) is? Safe/Unsafe
Unsafe: Frequented streets When thinking about crime, do you you feel safe or unsafe in the streets you frequent? Safe/Unsafe
Unsafe: House When thinking about crime, do you feel safe or unsafe in your house? Safe/Unsafe
Unsafe: Public transport When thinking about crime, do you feel safe or unsafe in public transport? Safe/Unsafe
Unsafe: Work When thinking about crime, do you feel safe or unsafe at work? Safe/Unsafe
Witnessed: Gangs In the last three months, have you seen or heard violent gangs in your home’s surrounding area? Yes/No
Witnessed: Robberies In the last three months, have you seen or heard robberies or thefts in your home’s surrounding area? Yes/No
Witnessed: Shots fired In the last three months, have you seen or heard frequent gunshots in your home’s surrounding area? Yes/No
Witnessed: Vandalism In the last three months, have you seen or heard vandalism, graffiti, broken glass, etc., in your home’s surrounding area? Yes/No
Witnessed: Drugs used or sold In the last three months, have you seen or heard in your home’s surrounding area of drugs being used or sold? Yes/No
For fear of crime: Stopped going out at night In the last three months, for fear of being victimized, have you changed your habits regarding walking around your

neighborhood after 8 pm
Yes/No

For fear of crime: Stopped visiting friends or
family

In the last three months, for fear of being victimized, have you changed your habits regarding visiting friends or family Yes/No

For fear of crime: Stopped wearing valuables In the last three months, for fear of being victimized, have you changed your habits regarding wearing jewelry, valu-
ables, carrying money, or carrying credit cards

Yes/No

Trust: Army How much trust do you trust the Army 1-4
Trust: Police How much trust do you trust the State Police 1-4
Conflicts: Had any? Have you had any conflicts with family members, neighbors, work or school colleagues, commercial establishments,

or government authorities due to situations you consider detrimental to you or annoying?
Yes/No

Conflicts: Resulted in shoving, punching, or
kicking

Did the conflict result in punching, shoving, or kicking? Yes/No

Conflicts: With alcohol users, drug users, or
gang

Did you have a conflict due to harassment by alcohol abusers, drug abusers, or gang members? Yes/No

Conflicts: With Police Did you have a conflict due to harassment by police officers? Yes/No
Conflicts: With authorities Did you have a direct conflict with a government authority? Yes/No
Conflicts: With neighbors Did you have a direct conflict with a neighbor? Yes/No
Conflicts: With family members Did you have a direct conflict with a family member? Yes/No
Conflicts: With strangers on the street Did you have a direct conflict with a stranger on the street Yes/No
Mobility: Frequency of leaving home Over the last six months, be it to go to work, school, the doctor, shopping, or any reason, how often did you leave your

home?
1-7

Table A4: Table shows the English translation and the scale of all the ENSU survey questions used in the
analyses.

All continuous measures, including trust in the Army, trust in the Police, and frequency of leaving home,
are standardized within quarter and locality. To do so, I use the following formula:
For a variable Xi:

XZ
i =

Xi −Xi√
Var[Xi]

(1)

Figure A2 shows the proportion of survey respondents who report having experienced any of the crimes
included in the measure of ‘crime victimization.’ The first quarter of 2020 shows a significant reduction,
also seen in administrative data, due to COVID restrictions. The crime rate increases and flattens after that
period, although it remains lower than in the prior years.

A-6



20

25

30

35

40

2018.1 2018.2 2019.1 2019.2 2020.1 2020.2 2021.1 2021.2 2022.1 2022.2 2023.1 2023.2
Semester

%
 h

ou
se

ho
ld

s 
w

ith
 v

ic
tim

s

Source: ENSU

Figure A2: Figure shows the proportion of respondents who report having been a victim of vehicle theft,
vehicle accessory theft, any other kind of theft, burglary, robbery, threats, or extortion during the last six
months.

A1.3 Bateson (2012) Replication

The Latin American results in the canonical paper by Bateson (2012) show that self-reported victimization is
positively associated with all seven civic and political engagement measures. Specifically, the author shows
that victims report more interest in politics, attending protests more often, attempting to convince people
to support a political candidate (proselytization), and attending community problem-solving, community
improvement, municipal council, and political meetings. I use repeated cross-sections from the 20 countries
included in my sample for the analysis. This extended dataset allows me to replicate the pooled analyses
in Bateson (2012) and examine country-specific differences in political behavior between victims and non-
victims.
Figure A3 shows the results. As reported in Bateson (2012), all political participation and civic engagement
measures positively correlate to victimization in the pooled analyses. Additionally, I find that the same holds
true within countries. Although results are noisier for measures like political interest or proselytization, all
estimated effects are either positive or statistically indistinguishable from zero at conventional levels.
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Figure A3: Figure shows the difference in participation and civic engagement outcomes between self-
reported victims and non-victims, estimated with LAPOP (2022). The specification comes from Bateson
(2012) but includes Y ear × Country fixed effects. Robust errors clustered at the primary sampling unit.

Appendix B Simulation Results

A2.1 Assuming monotonicity

This section presents the simulation results from the simulation using the LAPOP data to recover the param-
eter sets of {πθ, ρθ} ∀θ ∈ {A, T,N} consistent with the data when the effect of victimization on the four
participatory outcomes is assumed to be increasing. That is we assume πU = 0
Figue A4 shows the results. By construction, both the ATE and the ATT are greater than zero in all parameter
sets. However, we can see that it is still the case in the majority of the sets, ATE > ATT , since most sets
are below the red line that passes through the origin. Further, we can see that the more frequent an outcome
is, the wider the range of positive ATTs compatible with the data. Thus, while protest and political meeting
attendance have a median ATT of only 7.2 pp and 9.2 pp, respectively, community problem-solving and
community meeting attendance have an ATT of 21.3 pp and 16, respectively.
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Figure A4: Figure shows the combination of potential ATTs and ATEs of victimization on four measures of
political participation, conditioning on observed participation, and criminal victimization (LAPOP, 2022).
The simulation assumes that the effect of victimization on participation is monotonic (i.e., ΠPINV = 0).

A2.2 Constraining the Parameter Set

The Mexico findings leveraging panel-data presented in the main paper suggest that people who become
demobilized after crime are at greater risk of experiencing it in the first place. This helps us further narrow
down the plausible sets of parameters. Since we know this relationship exists, we can be more certain
about which parameters are actually producing our data. In this subsection, I present results comparable to
Table 3 but constrain the parameter sets to only those where ρU > ρT . Table A5 reports these findings.
The constrained analysis yields consistent but more pronounced patterns, which is expected given the ATT
construction. A larger proportion of the plausible parameter sets show negative ATTs and positive ATEs,
resulting in a more defined posterior distribution. However, when it comes to non-electoral participation, the
results strongly emphasize that the true ATT is likely negative while the ATE is most likely positive. This
pattern is particularly evident for protest attendance and political meetings, where over 90% of parameter
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ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Attended Protest 0.19 -0.23 0.76 0.13 -0.84 0.12 0.93 -0.18 0.02
Community Problem-Solving 0.19 -0.38 0.61 0.21 -0.57 0.42 0.76 -0.11 0.08
Attended Political Meetings 0.20 -0.28 0.71 0.18 -0.82 0.16 0.91 -0.17 0.03
Attended Community Meetings 0.21 -0.36 0.63 0.32 -0.68 0.30 0.85 -0.14 0.06
Would vote next week 0.22 -0.64 0.33 0.49 -0.13 0.81 0.62 -0.03 0.18

Table A5: Results from parameter sets compatible with the LAPOP data where ρU > ρT , in line with
results from the panel analysis suggesting people who are more exposed to crime are also likely to become
demobilized as a consequence of experiencing it. ∆Y = ATT × Pr(Z = 1) represents the average
treatment effect in the population. By definition, Pr(∆Y ) < 0 is the same as Pr(ATT < 0).

sets yield negative ATTs. However, there is one notable exception: the “would vote next week” measure.
While the unconstrained parameter sets suggest predominantly positive ATTs (95%), constraining the sets
reverses this pattern, with only 38% positive — a substantial shift. Additionally, the ATE for voting becomes
equally likely to be positive or negative. This finding may h elp explain contradictory results regarding
turnout in the literature, suggesting that crime’s effect on political participation varies significantly across
contexts and populations.

A2.3 Results using Dorff (2017)

One potential concern is that the simulation results might reflect sampling issues, whereby issues with the
LAPOP sampling are in turn reflected in the results. For example we might be worried LAPOP over-
represent urban areas, under-represents dangeorous areas, or generally results in survey responses that do
not generalize. To address such concerns, I analyze data from Dorff (2017), who conducted a nationally
representative survey of 1,000 Mexican respondents that included questions about victimization and both
electoral and non-electoral participation. I apply the same partial identification procedure from the main
paper to this alternative dataset. For ease of comparison, I also present results from simulations conducted
using only Mexican LAPOP data. All results are reported in Table A6.
As shown in Table A6, the results for comparable participation types show remarkable consistency. For po-
litical participation, 88% of ATTs in the plausible parameter sets using Dorff data are negative, compared to
85% for LAPOP data. Similarly, neighborhood meetings in Dorff data (53%) closely align with community
problem-solving in LAPOP data (59%). Furthermore, most ATEs across all measures fall within the positive
range of 70-80%. Overall, the main findings remain consistent regardless of data source: while most ATEs
consistent with the data are positive (aligning with extant research), most ATTs are negative.
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Figure A5: Figure shows the combination of potential ATTs and ATEs of victimization on four measures of
political participation from Dorff (2017)), conditioning on observed participation, and criminal victimiza-
tion.
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Panel A: Dorff (2017)

ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Attended Neighborhood Meetings 0.28 -0.38 0.61 0.31 -0.57 0.41 0.53 -0.16 0.12
Attended Party Meetings 0.28 -0.32 0.66 0.24 -0.76 0.21 0.82 -0.21 0.06
Attended Political Meetings 0.28 -0.30 0.69 0.21 -0.83 0.16 0.88 -0.23 0.04

Panel B: LAPOP - Mexico

ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Would vote next week 0.28 -0.65 0.34 0.87 -0.12 0.87 0.04 -0.03 0.24
Attended Community Meetings 0.28 -0.37 0.62 0.31 -0.68 0.30 0.72 -0.19 0.08
Community Problem-Solving 0.24 -0.36 0.63 0.30 -0.58 0.39 0.59 -0.16 0.11
Attended Political Meetings 0.28 -0.32 0.67 0.24 -0.82 0.17 0.85 -0.22 0.05
Attended Protest 0.28 -0.28 0.71 0.18 -0.88 0.10 0.92 -0.22 0.03

Table A6: Results from all parameter sets compatible with data from Dorff (2017) and LAPOP Mexico
data. ∆Y = ATT × Pr(Z = 1) represents the average treatment effect in the population. By definition,
Pr(∆Y < 0) is equivalent to Pr(ATT < 0).

Appendix C Reporting Bias
The empirical results presented in the paper are based on surveys. Given the known issues with criminal
underreporting (Jaitman et al., 2017), researchers favor surveys over administrative data to explore the po-
litical consequences of criminal victimization. However, survey responses are subject to misreporting. The
issue might be especially important when it comes to criminal victimization. “Crime” and “crime victim”
are legal and social categories. Individuals might interpret events as criminal or non-criminal differently
(Skogan, 1982; Elias, 1986). Importantly, such sensitivity could correlate with demographic characteristics,
political attitudes, and behavior, leading to biased conclusions regarding the difference between the ATE
and the ATT (Skogan, 1982; Boulding, Mullenax and Schauer, 2022).
Heterogeneous reporting is difficult to test because it requires the researcher to observe the “ground truth” or
the behavior before respondents classify it as criminal or not criminal. However, I conduct two descriptive
analyses to explore whether reporting is independent of criminal exposure. First, using the ENSU survey
of Mexican city dwellers, I look at whether respondents who report having been asked for a bribe by a
government official also report being victims of extortion.
In a legal sense, all individuals who were asked for a bribe were also extorted by the Police. However,
bribe solicitation is plausibly a more straightforward behavior to identify than extortion. Thus, it operates
as “ground truth.” Suppose differences in self-reported criminal victimization are driven by differences in
reporting that covary in political behavior instead of differential exposure to crime. In that case, individuals
asked for a bribe should be no more likely to report having been extorted than the rest of the respondents. I
report the results of this analysis in table A7. Reassuringly, those asked for a bribe are 7.7 pp more likely
to report being extorted, as we would expect if exposure to crime mapped onto the report of being a victim.
However, results show that the more educated are also more likely to report being victimized, conditional
on being asked for a bribe.
As a further test, I compare the proportion of LAPOP respondents from Mexico, Brazil, and Colombia who
reported being victims of a crime the previous year with the homicide rate from the municipality where they
reside. Homicide data is thought to be the best-measured crime in administrative data. To the degree that
homicides covary with another type of crime, we should expect more dangerous municipalities to lead to
more crime victims if exposure to crime maps onto self-reported victimization. Results are shown in Figure
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A6 in the Appendix. The proportion of victims is generally increasing with the municipal homicide rate for
all three countries.
Together, these analyses suggest that self-reported victimization is indeed increasing with criminal victim-
ization. However, results also suggest the politically engaged could report victimization more often, holding
exposure to crime fixed. This non-rivalous mechanism should be explored in future research.
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Figure A6: Figure shows the proportion of self-reported victims in LAPOP in Brazilian, Mexican, and
Colombian municipalities, according to the municipal homicide rate.

Extortion No Extortion
Bribe 5972 1528

No Bribe 5585 2122

Table A7: Number of survey respondents in ENSU according to self-reported extortion victimization status
and whether they were asked for a bribe during the same period.
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Table A8: Extortion report and bribe solicitation

Victim of Extortion?

Bribe solicited 0.076***
(0.007)

Age 0.006***
(0.001)

Ageˆ2 0.000**
(0.000)

Education (std) 0.027***
(0.004)

Is employed −0.006
(0.009)

Is a man −0.024**
(0.007)

Num.Obs. 15 089
R2 Adj. 0.012

Cluster-robust standard errors shown in parentheses.
+ p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001
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Appendix D Participatory Consequences of Civil War and Police Contact
In this section, I reevaluate the results presented in two canonical papers on the political consequences of
other types of violence. I first reassess results from Blattman (2009) linking exposure to civil war violence
during childhood in Uganda to increased electoral participation in adulthood. The second is a paper link-
ing exposure to unwanted contact with police in the US to more non-electoral and electoral participation
(Walker, 2019). Both papers target the ATE as their main estimand.
When analyzing Blattman (2009), I find that, unlike the crime victimization results, both the ATT and
ATE of electoral participation are positive in approximately 75-77% of parameter sets, consistent with the
paper’s central finding of increased electoral participation. Conversely, between 93-96% of the ATTs from
non-electoral participation measures are, in fact, negative. For Walker (2019), we observe patterns similar to
the LAPOP results: for non-electoral participation, police contact yields positive ATEs while the ATTs are
negative; for electoral participation, this pattern reverses —93% of parameter sets show a positive ATT while
89% show a negative ATE, highlighting how plausible heterogeneity in treatment effects can substantially
alter our understanding of violence’s political consequences.

A4.1 Civil War Violence as Treatment

The political and participatory consequences of exposure to civil war violence have been studied extensively.
Canonical research indicates that, contrary to theoretical predictions whereby civil war violence would make
participation harder, more costly, and more dangerous, civil war experiences of violence encourage voting
and non-voting participatory behavior (Bellows and Miguel, 2009; Blattman, 2009; Voors et al., 2012). One
such paper is Blattman (2009). In it, the author examines how forced recruitment of youths into the LRA
insurgency in Northern Uganda shapes this group’s downstream participatory decisions. To do so, the author
leverages quasi-random variation in abduction and survey data to estimate the ATE of abduction on political
outcomes.
The author argues using qualitative evidence that abduction was as-if random, or put differently, that the
probability of abduction was homogeneous regadless of individuals’ strata. In such a scenario, the ATE
would not only be theoretically relevant but could shape how actual participatory outcomes changed in
practice. Table A9 summarizes the results. 77% of the parameters in the identified set of ATEs is positive.
Interestingly and unlike results for the LAPOP analysis, we have a very similar proportion of positive ATTs
in the identified set. If abduction was as-if random, then the probability of abduction was homogeneous
regadless of individuals’ strata. These results seem to support such assesment when it comes to strata of
voting behavior. Overall, the results suggest it is very likely that abduction increases future voting, even if
exposure to treatment were not random. However, the results seem less clear when it comes to non-electoral
participation. Only in 35% of the sets does such experience lead to higher odds of becoming a community
organizer if abduction were in fact random, despite the paper’s point estimate of the ATE being positive and
the only significant effect on non-electoral participation. Conversely, the identified ATTs in the plausible
sets of all non-electoral participation suggest that abduction is linked to less civic engagement if certain
individuals were heterogeneously exposed to it. Between 93%-96% of the identified sets include a negative
ATT.
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Blattman (2009)

ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Voted 0.65 -0.44 0.55 0.23 -0.46 0.54 0.25 -0.30 0.35
Peace Group Member 0.62 -0.58 0.41 0.64 -0.91 0.08 0.93 -0.57 0.05
Community Mobilizer 0.62 -0.59 0.40 0.65 -0.93 0.06 0.95 -0.58 0.04
Volunteer 0.62 -0.61 0.38 0.32 -0.61 0.38 0.96 -0.38 0.24

Table A9: Results from all parameter sets compatible with data from Blattman (2009). ∆Y = ATT ×
Pr(Z = 1) represents the average treatment effect in the population. By definition, Pr(∆Y ) < 0 is
equivalent to Pr(ATT < 0).
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Figure A7: Figure shows the combination of potential ATTs and ATEs of child abduction on all measures
of political participation from Blattman (2009)).
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Appendix E Contact with the Police as Treatment
Exploring the political consequences of interactions with the police for minority communities and individu-
als is a long tradition of US research. Scholars have argued that these interactions teach communities about
the state and their role as second-class citizens and lead to less political participation (Soss and Weaver,
2017; Lerman and Weaver, 2014; Weaver and Lerman, 2010). However, other researchers challenge this
view and argue that the experience of injustice can mobilize targetted individuals (Ang and Tebes, 2023;
Walker, 2020). In this section, I reassess the part of the evidence presented in Walker (2020). Walker chal-
lenges the assumption that criminal justice contact always demobilizes political participation. She argues
that people’s responses to interactions with the state depend critically on how they interpret these experi-
ences and what resources they have. When individuals —especially those with proximal contact or from
minority groups— view their negative experiences as examples of systemic injustice rather than personal
failure, and when they recognize their shared fate with others, they may actually increase their political par-
ticipation outside of voting as a direct response to prevent further discrimination. In line with this theoretical
argument, the author finds that direct and indirect experiences with the police result in more non-electoral
political participation. To do so, the author relies on survey data, a research design that, conditional on
observable covariates, targets the ATE of interactions with the police on participation.
I examine the parameter sets compatible with data from the National Crime and Politics Survey (NCPS),
a nationally representative U.S. survey conducted in the fall of 2013. While Walker (2020) looks at the
political consequences of direct and indirect contact with the police, I focus only on direct police contact,
maintaining consistency with my other analyses. For dependent variables, again, I use all measures of elec-
toral and non-electoral political participation in the preceding 12 months. I report the results in Table A10.
The original study found that personal police contact increased political participation by 0.38 points on a
0-8 scale index, targeting the ATE through conditioning strategies for causal identification. Similar to the
findings from the simulations fitted on the LAPOP data, the NCPS data reveal that while most parameter
sets show positive ATEs for non-electoral participation, the ATTs for these same activities are predominantly
negative. For voting, however, this pattern again reverses: 89% of parameter sets yield negative ATEs, while
only 7% show negative ATTs. These results suggest that police contact is more likely to occur among indi-
viduals who respond by increasing their electoral participation while decreasing their non-electoral political
engagement.

NCPS (Walker, 2017)

ATE ATT ∆Y

Participation Type Pr(Z = 1) Min Max Pr(ATE < 0) Min Max Pr(ATT < 0) Min Max

Voted 0.19 -0.65 0.34 0.89 -0.16 0.82 0.07 -0.03 0.16
Helped in campaign 0.19 -0.27 0.72 0.20 -0.75 0.24 0.79 -0.14 0.05
Attended Political Meeting 0.20 -0.32 0.67 0.25 -0.66 0.32 0.67 -0.13 0.06
Attended protest 0.20 -0.23 0.76 0.14 -0.75 0.22 0.82 -0.15 0.04
Written letter to politician 0.19 -0.40 0.59 0.41 -0.60 0.35 0.64 -0.14 0.04
Donated or raised funds 0.19 -0.36 0.63 0.33 -0.61 0.37 0.64 -0.15 0.04

Table A10: Results from all parameter sets compatible with data from NCPS (Walker, 2017). ∆Y =
ATT × Pr(Z = 1) represents the average treatment effect in the population. By definition, Pr(∆Y ) < 0
is equivalent to Pr(ATT < 0).
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Figure A8: Figure shows the combination of potential ATTs and ATEs of direct contact with the police on
all measures of political participation from Walker (2020)).

A-18



Appendix F Other ENSU results
This section provides complementary analyses to those presented in the main paper. Figure A9 shows the
cross-sectional difference in means between soon-to-be victims and non-victims living in the same locality
(dark blue), the same neighborhood/census tract (light blue), and the within-individual ATT of criminal vic-
timization on all outcomes used in the paper. As can be seen, the ATT follows the cross-sectional differences
in all but the mobility outcomes. Results support the finding that victimization depresses participation while
primarily targeting the more extroverted and mobile individuals in a locality or neighborhood.
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Figure A9: Figure shows the cross-sectional difference between soon-to-be victims and non-victims living
in the same locality (dark blue), the same neighborhood/census tract (light blue), and the ATT (red) of
criminal victimization on self-reported outcomes relating to exposure to crime. Robust errors clustered at
the primary sampling unit.
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